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> Why are we all talking about Al?

Select Al Index technical performance
benchmarks vs. human performance

Source: Al Index, 2024 | Chart: 2024 Al Index report
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> Technology and job tasks
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dioy L ATMs and bank tellers
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Task-Based Approach to Occupational Exposure: Task Bundles

4110 - General office clerks

(]
411 - General office clerks

4120 - Secretaries (general)

® 412 - Secretaries (general)
41 - General and keyboard clerks

4131 - Typists and word processing operators

413 - Keyboard operators
4132 - Data entry clerks

5411 - Fire-fighters
L

5412 - Police officers
@

5413 - Prison guards

541 - Protective services workers

5414 - Security guards

5419.- Protective services workers not elsewhere classified

4-digit scores: https://pgmyrek.github.io/2025_GenAl_scores_ISCO08/
6-digit scores: https://pgmyrek.github.io/POLAND_2025_GenAl_scores_6digit_occupations/

595 ) - Recording, preparing, sorting, classifying and filing information;

3875) - Sorting, opening and sending mail;

535 ) - Photocopying and faxing documents

65 ) - Preparing reports and correspondence of a routine nature;

.565 ) - Recording 1ssue of equipment to staff;

63 ) - Responding to telephone or electronic enquiries or forwarding to appropriate person;

685 ) - Checking figures, preparing invoices and recording details of financial transactions made;
7125) - Transcribing information onto computers, and proofreading and correcting copy.
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(0 635 ) - Checking, formatting and transcribing correspondence, minutes and reports from dictation, electronic documents or written drafts to conform to office s
(0.55) - Using various computer software packages including spreadsheets to provide administrative support;
(0 405 ) - Dealing with incoming or outgoing mail;

(0515 ) - Scanning, recording and distributing ma1l correspondence and documents;
(0.76 ) - Screening requests for meetings or appointments and helping to organize meetings;
(0.56 ) - Screening and recording staff-members' leave and other entitlements;
(0.55) - Organizing and supervising filing systems;
(0.6375 ) - Dealing with routine correspondence on their own initiative.
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665 ) - Typing written material from rough drafts, corrected copies, voice recordings or shorthand using a computer, word processor or typewriter;

.T) - Checking completed work for proper spelling, grammar, punctuation and formatting;

.5575) - Gathering and arranging the material to be typed, following instructions;

685 ) - Filing and storing completed documents on computer hard drive or disk, or maintain a computer filing system to store, retrieve or update documents;
6725) - Taking dictation and recording other matter in shorthand;

685 ) - Reproducing the spoken word, environmental sounds and song lyrics as captions for cinema and television programming;

6) - Transcribing information recorded in shorthand and on sound recording equipment.

715 ) - Receiving and registering invoices, forms, records and other documents for data capture;

7375 ) - Entering numerical data, codes and text from source material into computer-compatible storage and processing devices;
685 ) - Verifying accuracy and completeness of data and correcting entered data, if needed;

16625 ) - Operating bookkeeping and calculating machines;

.7) - Importing and exporting data between different database systems and software.

15) - Responding to fire alarms and other calls for assistance, such as automobile and industrial accidents, bomb threats and other emergencies;
1375 ) - Controlling and extinguishing fires using manual and power equipment and fire-fighting chemicals;

135 ) - Fighting special types of fires and using special equipment in industrial establishments;

085 ) - Rescuing people from burning buildings and accident sites and those trapped in dangerous situations;

2325 ) - Preventing or limiting the spread of dangerous substances in case of fires or accidents;

36 ) - Informing the public about fire prevention.

12) - Patrolling a specific area to maintain public order, responding to emergencies, protecting people and property and enforcing laws and regulations;
1225 ) - Identifying, pursuing and arresting suspects and perpetrators of criminal acts;

19) - Directing traffic and assuming authority in the event of accidents;

125) - Providing emergency assistance to victims of accidents, crimes and natural disasters.
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0.1125 ) - Searching arriving prisoners, putting their valuables in safekeeping, escorting prisoners to cells and locking them in;
0.15 ) - Making periodic inspection tours of cells and inspecting and maintaining the security of locks, windows, doors and gates;
0.165 ) - Supervising prisoners at work and meals, and during recreation periods;

0.1075 ) - Observing the conduct and behaviour of prisoners to prevent disturbances and escapes;

0.0975 ) - Patrolling prison areas to prevent escapes;

0.215) - Assisting with the implementation of rehabilitation programmes;

0.115 ) - Escorting prisoners in transit and during temporary leave.
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16) - Patrolling premises and checking doors, windows and gates to prevent and detect signs of unauthorised entry;

365 ) - Controlling access to establishments, monitoring and authorizing the entrance or departure of employees and visitors, checking identification and issuing secus
13 ) - Circulating among visitors, patrons, or employees to preserve order, protect property from theft or vandalism and enforce the regulations of the establishment;
235) - Responding to alarms, mvesugatmg disturbances and contacting superiors, police or fire fighters as appropriate;

175) - Performing security checks of passengers and luggage at airports;

15) - Picking up and ensuring the safe delivery of cash and valuables to banks, automated teller machines and retail establishments.

1025 ) - Patrolling beaches and swimming pools to prevent accidents and to rescue bathers from drowning;

2125 ) - Monitoring traffic flow to locate safe gaps through which pedestrians can cross streets;

215) - Responding to citizen complaints concerning stray domestic animals, livestock and wildlife, issuing warnings and citations to owners and impounding lost, ho
24125 ) - Patrolling an assigned area to enforce parking regulations;
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(0.215) - Directing traffic.


https://pgmyrek.github.io/2025_GenAI_scores_ISCO08/
https://pgmyrek.github.io/POLAND_2025_GenAI_scores_6digit_occupations/

» Jobs’ level of exposure to artificial intelligence

Select an occupational group to filter the results.

Agriculture, forestry and fisheries Elementary occupations
Plant and machine operators

@ Highest exposure, low task variability (gradient 4}

@ Ssignificant exposure, high task variability (gradient 3)
Moderate exposure, mixed task variability (gradient 2)
Low exposure, high task variability (gradient 1)
Minimal Exposure
Not Exposed

Standard deviation

0.10

0.00 Average score

0.10 0.20 0.30 0.40 0.50 0.60 0.70

Standard deviation represents the dispersion of task-level automation scores within an occupation. Average score represents
the mean automation score for all tasks within an occupation.

Source: ILO Working paper 140 - Get the data - Embed - Download image

www.ilo.org/aiobservatory
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Figure 17: Al Exposure Gradient: ISCO-08 4-digit level occupations

4131 - Typists and Word Processing Operators -

4419 - Clerical Support Workers Not Elsewhere Classified -
5244 - Contact Centre Salespersons -

4416 - Personnel Clerks -

4110 - General Office Clerks -

4414 - Scribes and Related Workers -

4222 - Contact Centre Information Clerks -

4211 - Bank Tellers and Related Clerks -

4226 - Receptionists (general) =

4225 - Inquiry Clerks -

4221 - Travel Consultants and Clerks -

4227 - Survey and Market Research Interviewers -

3342 - Legal Secretaries -

2641 - Authors and Related Writers -

2622 - Librarians and Related Information Professionals -
3344 - Medical Secretaries -

4413 - Coding, Proofreading and Related Clerks -

4224 - Hotel Receptionists -

2513 - Web and Multimedia Developers =

3331 - Clearing and Forwarding Aents -

3314 - Statistical, Mathematical and Related Associate Professionals =
2522 - Systems Aministrators -

2521 - Database Designers and Administrators =

2412 - Financial and Investment Advisers =

2120 - Mathematicians, Actuaries and Statisticians =

2519 - Software and Applications Developers and Analysts Not Elsewhere Classified -
2112 - Meteorologists -

3514 - Web Technicians =

3321 - Insurance Representatives -

2512 - Software Developers -

2523 - Computer Network Professionals -
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World
24% of employment

Total - - 89 42 (838 million jobs)
21% of employment
Male - - 8.4 3-1. [448°mi||ion jo't’:s)y
28% of employment
Female - - 9.7 5.7 - (390 miIIionjo?JS)y

High income
34% of employment
Total = - 10.6 1 - (235 milion jo0s)
(107 million jobs)
i 41% of employment
Female - 9.8 14.4 - (12B°million jobs)
25% of employment
Total - - 3.4. (334°mi||ion pgs)y
30% of employment
Female - - 101 46 - (173 millian jo?)s)y
Lower-middle income
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Male - 8.8 1-’ (163 million jobs)
19% of employment
Female - - 104 1-* (77 millionjobg) y

Male - 12 8.1 28% of employment
Upper-middle income
8.5
21% of employment
Male - - 7.3 2-4I (161 million jo't))s)v
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Total - 9.3 1-! (240 million jobs)

Low income
i 11% of employment
Total - 5 (IJIE (29 million jobs)
11% of employment
Male - - 5. 40)# (17 million jobg) v
| 11% of employment
Female - 4 mh (12 million Jobs)
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Figure 20: Global estimates of occupations potentially exposed to GenAlI (% of employment by sex)

Africa

1 19% of employment

- 1 (105 million jobs)
- 87 1 :I 17% of employment
(53 million jobs)

- 142 1087 22% of employment
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Asia and the Pacific
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What is Al-driven Augmentation?



Impact of LLM Assistance on Physician Decision-Making:
A Multi-Country Randomized Controlled Trial

Nicholas Rounding, Luthfi Saiful Arif, Janine Berg, Jochen Cals, Diederik De Boer, Eefje De Bont, Sander Dijksman,
Ardi Findyartini, Didier Fouarge, Marie-Christine Fregin, Pawel Gmyrek, Nadia Greviana, Ralph Leijenaar, Soraiya
Manji, Anastacia Mbithi, Norah Obungu, Arierta Pujitresnani, Roselyter Rianga, Diantha Soemantri, Sairabanu
Mohamed Rashid Sokwalla, Sanne Steens, Lucia Velasco, Ardy Wildan, Prasandhya Astagiri Yusuf, and Mark Levels
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Key findings Key findings

Impact Usage & Variation
Performance gains everywhere: Distributional effects:

« Kenya +18 pp Kenya: reduced variation.

* Indonesia +10.7 pp Indonesia: increased variation.
* Netherlands +7.2 pp NL: mixed.

Al helped doctors follow best practices more closely. High Al users > low users
Gains largest where baseline lowest — Indication of (up to +16 pp in Indonesia).

potential equalizer effect.

Some without Al outperformed Al users
— Al # guarantee.




Will this work for everyone?
Al and the Digital Divide



Linking Exposure and Digital Divide in Developing Countries
Joint work with with the World Bank

Automation

Argentina -
Costa Rica -
Brazil -

Chile -
Uruguay -
Dominican Republic -
Mexico -
Colombia -
Guatemala -
El Salvador -
Panama -
Honduras -
Peru -
Nicaragua -

Bolivia - -
Ecuador -

Augmentation

Argentina -
Costa Rica -
Brazil -

Chile -
Uruguay -
Dominican Republic -
Mexico =
Colombia -
Guatemala -
El Salvador -
Panama -
Honduras -
Peru -
Nicaragua -

Bolivia - -
Ecuador -




Size: share of total employment
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Task Content



S

Predicted Task Intensity (PIAAC/STEP)
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Predicted Task Intensity by Exposure and Income Level
Weighted GAMs (parametric) with Exposure x incomelevel
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Mean country-level exposure (weighted by 2-digit employment)
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Al Adoption at Work



GenAl Usage at Work — Frequency

Used GenAl Used GenAl
during last 6 months — during last week

0% 20%  40% 60% 80% 100%

No, | did not use Generative Artificial
Intelligence (GenAl) in my work last
week.

Yes, at least on one working day last
week.

m Users = Non-users

P14: Which tools using Generative Artificial Intelligence (GenAl) have you used at work in the last 6 months?
P16: Have you used Generative Artificial Intelligence (GenAl) in your work IN THE LAST WEEK?
* Base: Working individuals, alln =2168




Used GenAl at work - past 6 months (demographics)

30%

70%

m Users B Non-users
85% .= 85%
74% .
69% 70% -
66% .-
62%
53%
47% -~ *
-
38%
1% s0% 34%
26%
15% 15%

Women 15-24 25-34 35-44 45-54 55-64 65+

P14. Which tools using Generative Artificial Intelligence (GenAl) have you used at work in the past 6 months?
Base: working individuals, alln = 2168
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Red Lines
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Red Lines: Attention to Al data sources:

How many humans does it take to

Monitoring of workers: make tech seem human? Millions.

(a) Outside of work (temporally or geographically)

(b) Places where data collection or monitoring poses — T

risks to human dignity (bathrooms)

Inside the AI Factory S

(c) In private conversations or communications,
especially conversations and communications with

worker representatives

(d) Prohibition of algorithmic dismissal

» ilo.org



Visit ILO Observatory to find out more!

About Topics Countries Research Data Standards Partnerships More +
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Observatory on Al and
Work in the Digital
Economy

6O X 0

www.ilo.org/aiobservatory

Linked[f] https://www.linkedin.com/showcase/aiobservatory/

24


https://www.linkedin.com/showcase/aiobservatory/
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